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ABSTRACT:

This paper is concerned with problem of comparing different estimators of the scale

parameter of two parameters Weibull distribution WE(x,6) where is (1 )shape parameter

and o is scale parameter and then comparing the efficiency of the estimators which are
maximum likelihood and minimax estimator with (quadratic loss function) and (modified
linear exponential loss functions) the comparison was done using simulation procedure
with different sample size and values of parameters ,on the bases of simulation experiment
we conclude that minimax method with quadratic loss function was the best method at all
sample size and values of parameters.
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10 | 0.100338281 | 0.069679362 | 0.177541093 | 0.506026349 2 1 3 4
16 25 | 0.043411223 | 0.037218127 | 0.055852003 | 0.532911682 2 1 3 4
50 | 0.019979952 | 0.018472589 | 0.022556525 | 0.565309128 2 1 3 4
100 | 0.009569258 | 0.009197672 | 0.010139236 | 0.576631541 2 1 3 4
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1) a8 3
%%Program for estimation of Parameters of weibull distribution%%
rand('state’,sum(100*clock));
n=100 ;
theta=1;
lemda=0.5;
elpha=1;
beta=0.5;
c=-2;
L=1000;
%0%0%%%0%0%%6%%0%6 %0 %% %% %% %0 %% %% %% %% % %% %% %% %% %
%%%%
for q=1:1000
U=rand(1,n);
x=(-theta.*log(1-U)).~(1/lemda);
%%0%%%0%%%6%0%0%6%0%0%6 %% %% %% %6 %6 %0 %% %% %6 %% %% %% % %%
T=sum(x.~lemda);
theta_mle(q)=T/n;%%% %% %% %% % mle
%0%0%0%6%0%% %% %% %0 %% %% %% %0 %% %% %% %% %6 %% %% %% %% %
%%%%%% %
k1=(1/(n+elpha+1));
theta_mom(q)=k1*(T+1/beta);%%%%%%%%%%% %% %% %% % minimax_Quadrati
C
%6%0%%6%0%0%6%6%0%0%6%0%0%6%6%%0%6 % %% %% %% %% %6 %% %% %% %% %0
%%%%%% %
k2=(gamma(n+elpha)/gamma(n+elpha+c))”™(1/c);
theta_Imom(q)=k2*(T+1/beta); %% %% %% %% %% %% %% % %Y minimax_Linex
X=log(x);
i1=1:1:n;
F=il./(n+1);
Y=log(-log(1-F));
b1=(X*Y"'-n*mean(X)*mean(Y))/(sum(X.”2)-n*(mean(X))"2);
al=mean(Y)-bl*mean(X);
theta_ols(g)=exp(-al);
end
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mse_mle=mean((theta_mle-theta).”2);
mse_mom=mean((theta_mom-theta).”2);
mse_Imom=mean((theta_Imom-theta)."2);
mse_ols=mean((theta_ols-theta).”2);
MSE=[mse_mle mse_mom mse_Imom mse_ols]
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