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Analyses of Canonical Correlation

between statistical tools and artificial neural network

Abstract

One of the tools of multivariate analysis is Canonical Correlation Analysis, which is used
when there are two set of variables: dependent & independent. Statistically, there are steps
must be done to obtain it. But the new steer is to epenthesis the concept of neural network in
to various statistical tools, that which comfort us to do this paper
The aim of this paper is to arrive the Canonical Correlation by using tow tools: statistical &
artificial neural network and demonstrate of their sufficient with application on sample under

discuss. Some conclusion would be reviewed with some advises that may have a part of care.
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